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Real Estate Exposure and Bank Share Price Synciisoni

Abstract

Opaque asset can affect the stock price dynamitmioks due to
the lower volume of information available in the rked. Real

estate is considered an opaque asset but there é&vidence on the
impact of the real estate exposure on stock prycenhics.

The paper considers the crisis period and evalutiteseffect of the
real estate exposure on the banks’ price synchitynfor lenders

with different exposures on the real estate lending studies the
effect of an increase of the percentage of reatestxposure on
different proxies of the role of the idiosyncraterformance

component. Results obtained showed that the anajuexposure
on the real estate sector can affect negatively degree of
synchronicity especially if the analysis considérs concordance
of weekly return change during the yearly time homi the

statistical fithess of the linear regression model.

1. Introduction

Price co-movement in the stock market represeptexy of the role of idiosyncratic risk in the matk
and the level of synchronicity is affected by themcteristics of the firm and the stock market in
which is traded. The main driver identified for é&dping lower level of synchronicity is the level o
transparency that characterize the market or time &nd normally the higher is the role of opaque
assets in the bank’s balance sheet the lower isytmehronicity (Jin and Myers, 2006).

The real estate lending is normally considered @agoe market due to low volume of information
available, the characteristics of the demand aadabk of homogeneity of financial contracts oftere
(i.a. time, interest rate, the low level of competi among lenders, the repayment scheme, the wélue
guarantee) (i.a. Hassink and Van Leuvensteijn, RO&mpirical evidence demonstrates that the
soundness of banks exposed to the real estatentpmglisignificantly affected by the housing price
dynamics because the value of the collateral (anthe capital requirements) will be affected by the
real estate price dynamics (Koetter and Pogho3@it0).

The analysis of the relationship between bankX B8d real estate exposure is still limited and
prevalently focused on the balance sheet analysisthe impact of real estate specialization on
different balance sheet risk proxies (Eisenbeiskandst, 1991). Results obtained demonstrate that on
a long term horizon an higher exposure to realtedending can increase the credit risk assumed
(Blasko and Sinkey, 2006) while on the short teramizon specialized real estate banks are not
exposed to an higher liquidity risk (Giannotti, @albo and Mattarocci, 2011).

Literature does not provide already evidence altbet different price synchronicity for banks
specialized in real estate and other bank and dperpwants to analyse this issue in a scenariealf r
estate market crisis. The paper is structuredlbsms: section 2 presents a detailed literatureesgwon
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the topic of stock price synchronicity, section flemdescribing the sample features (section 3.1),
present the methodology adopted (section 3.2) &suwliss the main results obtained (section 3.3) and
section 4 summarize conclusion and implicatiorhefpaper.

2. Literaturereview

Stock price dynamics are affected by a marketedla@riation, an industry-related trend, and a firm
specific factor. A standard regression fithess meagR) allows to evaluate the role of idiosyncratic
factor in explaining the overall performance ohare (Chen, Goldenstein and Jiang, 2007).

The main market features that can explain a straktower or higher level of stock price synchratyic

is the level of development and the protection tegtEmpirical evidence demonstrates that less
developed markets or characterized by low levetaforate governance are characterized by an
higher level of synchronicity because investorsadbtrust to the specific characteristics and gngwi
opportunities for each firm (Jin and Myers, 2006).

Firm features that could affect the degree of symmiity are related to the amount of information
available in the market and normally firms that mn@re transparent (because they are monitored by an
higher number of analysts) show an higher predilabof returns and a lower relevance of
idiosyncratic factors (Chan and Hameed, 2006). ibhe of the information available is also affected
by the investors’ composition because an highexipnity to the firm increases the availability offso
information and so increase the synchronicity amsitayes (Bae, Kim and Yang, 2013).

The degree of synchronicity is affected by the ajgagss of the business and higher role of transpare
assets imply a lower capability of the manager talifiy earning in order to obtain individual extra
gains or to avoid losses. The degree of transpgrefche balance sheet is related the role of
idiosyncratic factors due to the lower effects tedlato any managerial choice on the firms’ market
evaluation (Hutton, Marcus and Tehranian, 2009) Elgn of the relationship between the firms’
opacity and the price synchronicity is still comeesial; the main explanation about the differemce
the results obtained is the assumption of an imletd-shaped relationship that imply a differerfeet

of above the average and below the average op@gitg and Anderson, 2011).

Literature demonstrates that there is a relatignbktween banks’ risk and the real estate expdsiire
the risk does not increase linearly with the growththe amount of lending exposure (Deacle and
Elyasiani, 2014). Moreover empirical analysis doest study separately the idiosyncratic risk and the
systematic risk and focus the attention only onrtike of the overall risk for a investor.

3. Empirical analysis

3.1. Sample

The sample analysed considers all active bankssifits as ultimate owners by the Bankscope
database for the time period 2007-2013 that atedlism an US official stock market. For all the kan

we collect the full balance sheet and income statgrnmformation for all the time horizon and we
classified them on the basis of the real estawdignexposure (Table 1).



Table 1. Sample Description

2007 | 2008 | 2000| =2010] 2011 2012  201B
No Real | Number | 299 300 204 204 285 231 59
Estate To(tg:naziem 3690 2385 2479 2667 2679 2772 2780
o Number 55 57 59 56 52 89 86
Quartile To(trﬁ:na;?ets 9570 | 11021 | 11157| 13108 13380 13014 13144
Second Number 56 57 59 58 55 89 85
Quartile | Totalassets ;4 438 440 429 451 462 466
(min $)
Third Number 56 58 59 57 53 89 85
Quartile | Totalassets gy 284 208 208 290 293 301
(min $)
coury | Number 57 59 60 58 54 89 85
quartile | Total assets 444 143 150 141 137 139 142
(min $)
Number | 523 531 531 523 499 587 400
Overall
To(tr‘;’]‘:na;;’ets 14391 | 14271| 14524| 16643 16937 16681 16833

Source: Bankscope data processed by the authors

The overall sample includes around 500 banks aaddle of banks with a real estate exposure is
increased over time from the 42% in 2007 to 85%2@13. Bigger banks are normally the more
diversified one and so banks with the higher lesekexposure to real estate lending are normally
smaller with respect to the others.

For each bank in the sample we collect the fulabe¢ sheet data available for the time period 2007-
2013 and the weekly stock market performance. k@m@nalysis of the stock market synchronicity we
collect daily values a stock market proxy (S&P5a8g bond market index (10 years US bond rate)
and the a real estate market trend proxy (the NERtlex).

3.2 M ethodology
The price synchronicity using an augmented CAPM ehtitht considers the sensitivity with respect to

a stock market benchmark, the interest rate dyrsamic the real estate market trend (e.g. Allen,
Madura and Wiant, 1995). In formula:

Ty = a + [1Stock, + f,Bond, + [3Real Estate, + &;; (1)



whereStock, is the daily performance of the overall marketeix (a customized index that considers
all the banks in the sample®ond, is the interest rate offered by a ten year Treadond and
Real Estate, is the daily performance of the real estate sed&fined on the basis of the NCREIF
index.

In order to consider the impact of the real estafgosure on stock market synchronicity, banks are
classified on the basis of their real estate exygosomputed on the basis of the following formula:

YRE. — Real Estate loans;; 2
Ot = T oral assets;;

where Real Estate loans;; is the overall amount of lending exposure (botlsidential and
commercial) to the real sector and thetal assets;; is the overall amount of assets owned by the
bank i at time t. Banks are classified into founugs: no exposure to real estate and four qusudite
the basis of thé6RE;, value (£' quartile lowest exposure and' fighest exposure) and the model
performs a fixed effect linear panel regressiorthenbasis of the following formulas:

rNRE = a + BNREStock, + BYREBond, + BYREReal Estate, + &;; (3a)
rifElQ =a+ ﬁfElQStockt + ,B’fElQBondt + ,B’;QElQReal Estate; + €;; (3b)
rifEZQ =a+ ﬁfEZQStockt + ﬁfEZQBondt + ﬁﬁEZQReal Estate; + €;; (3c)
rifEsQ =a+ ﬁfEsQStockt + ,B’waBondt + B§E3QReal Estate; + €;; (3d)
ri?“Q =a+ ﬁf“QStockt + ﬁ§E4QBondt + ﬁ§E4QReal Estate; + €;; (3e)

whererf is a vector of returns of all the banks classifiedeach group. Following the approach

proposed by He, Myer and Webb (1993), an F-teperformed in order to evaluate the role of each
explaining factor in evaluating the banks’ retdumformulas

R? — R3 N —
Fo =28 I;Wx Qs
1_R5 QS_QRW
R,-R N-0y
B 1—R% ~ Qsp— Qs

(4a)

(4b)




F, = R.S%BR - R.S%B N — QSBR
K 1- ngR QSBR - QSB

(4c)

where for each model“Rs the R-square, Q is the number of explanatorialies plus the constant
term and N is the number of observations. Modelmpared are the random walk (RW), the stock
market model (S), the stock and bond market mo8B) @nd the stock, bond and real estate factor
model (SBR).

In order to test the hypothesis that real estaposxe affect the share price synchronicity we ttest
following null of hypothesis

. pNRE _ pRE1Q _ pHRE2Q __ pHRE3Q _ pRE4Q
Hyp: B ™" = By = Pk = Pk = Pk (5)

The test is released for all the three factors wdeh (Stock, Bond and Real Estate) and if the
comparison test is not satisfied the change in rde estate exposure do not affect the price
synchronicity with respect to the explaining factor

To evaluate if the results previously obtained lbarexplained or not by the features of the bartken
sample, we construct different measures of synatitgrior each bank and for each year on the basis
of the statistical fithess of the regression betwte real return and the expected return defimethe
basis of the equation (1). The new proxies of symiity is the following:

I _ f — fl (6)
Sync;; = 1 — —
o VA=) + fil=f)
R? (7)
Syncll =1n (1 _l;?)
Sonclll = Kurtosis(g;;) (8)
Yt = o(ei)?
Sync}! = n° Abnormal Neg Weeks(g;;) — n° Abnormal Pos Weeks(¢;;) 9)

In the formula (6)f andf are the syncronicity proxies constructed fordierall sample and for the
bank i during the year t on the basis of the nunaibeising and decreasing weeks defined on thesbasi

. max(nilip,nﬂown) ' _
of the following formulas:f; = —p7—F5—= andf = ;Eﬁélfk- (i.a. Morck, Yeung and Yu, 2000).
6
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Equation (7) defines the syncronicity on the basithe RZ is the statistical fitness proxy for a one year
time series regression for the bank i during thar yeand the index varies from 0 to 1 (1 is thenbgy
level of synchronicity). The reference model usedthe statistical fitness analysis is the augntente
CAPM presented in the formula (1).

Equation (8) measures the syncronicity consideting skewness and the standard deviation of
residuals for the bank i during the year t (Cheangiand Stein, 2001). The reference model used for
the statistical fitness analysis is the augment&BI@ presented in the formula (1).

Equation (9) considers only extreme positive (negajperformance identified as the number of weeks
in which the absolute value of the gap betweenctlreent error term and the average value is higher
(lower) than k times the standard deviatiofhe syncronicity proxy is constructed as thea#éhce
between the number of weeks with abnormal negathe positive performance (i.a. Jin and Myers,
2006) . The reference model used for the statldiitteess analysis is the augmented CAPM presented
in the formula (1).

The synchronicity proxy is regressed (with a fixeflect panel regression) with respect to the
percentage of Real Estate exposure and a set afolimy variables related to the asset portfolio
composition, the bank characteristics and the macomomic trend identified coherently with the
literature (Jones, Lee and Yeager, 2618) formula:

m l n
Synck = a + 8%RE;, + Z yrPortfoliok + Z YsBank;, + Z yjMacro Data{t + &t (7)
k=1 s=1 j=1

where the controlling variables are constructedxgdained in table 2.

1k is chosen to generate frequencies of 0.01%drndgnormal distribution but results are robushwespect to a threshold
change.

2 With respect to the model proposed by Jones, IneeYeeager (2013), there is no distinction betweesidential and
commercial loans.
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Table 2. Explaining factors of synchronicity

—

Type Name Description
Real Percentage of Real Percentage of real estate loans (commercial anderdgml)
Estate | estate lending with respect to total assets
Trading Assets Percentage of trading assets wsfyert to total assets
Percentage of loans with respect to total assetkdig real
Other loans ;
estate lending
MBS or ABS classified as available for sell or heddmaturity
that are not explicitly or implicitly guaranteed lay federal
Portfolio | Other Opaque Assets | government-related entity, fixed asset, intangissets, othe
assets, investment in unconsolidated subsidiarfieroteal
estate owned divided tor total assets
Cash, Federal funds sold, securities purchased @gieement
All Transparent Assets| to resell, guaranteed AFS and HTM securities duvitte total
assets
EBIT Earnings before taxes and extraordinary items duvifbr total
assets
Not Interest Income Not interest income dividedtfual assets
Not Performing Loans N_of[ accruing loans or those greater than 90 dayts gae
Bank divided for total assets
Core Deposits Core deposits divided for total asset
Interest Risk Apsolute \{a_llue of the difference be_tV\_/een asset |emilities
with maturities lower than one year divided foralassets
Capital Bank equity capital divided for total asset
GDP Annual growth U.S. Gross Domestic Product
Macro | Money Supply Annual growth of Money Supply (M2)
Interest rate 3 Months Treasury bill rate
3.3. Results

The role of real estate in explaining banks’ resumevaluated considering separately the effethen
weekly performance for not real estate exposediiffetent level of real estate exposure (frofhtd
4™ quartile (Table 2).



Table 2. Stock price return and real estate expesur

The table summarizes results of a panel regressialysis (fixed effects) of the weekly return ohks shares with respect
to a stock index (S&P 500), a bond index (10 ye& Teasury Bond) and a real estate market proxyREIE Index).
Beta coefficients and standard deviation (in bregkare presented in the table.

NoRe are Banks that do not have real estate leredipgsure while RE1Q, RE2Q, RE3Q and RE4Q are cisply banks
classified on the basis of their exposure in tlzé estate lending in the first, second, third arth quartile.

NoRE RE1Q RE2Q RE3Q RE4Q
Constant -0.0009 -0.0006 0.0029 -0.0025 -0.0008
(0.012) (0.0018) (0.0026) (0.0024) (0.0026)
Stock 0.1708" 0.4797" 0.3830" 0.2941" 0.2644™
(0.0067) (0.0109) (0.0123) (0.0113) (0.0131)
Bond -0.0575 -0.0110 -0.0956 -0.0823 -0.0066
(0.0359) (0.0599) (0.0882) (0.0812) (0.0864)
Real Estate 0.1070" 0.1743" 0.1294~ 0.1519° 0.1208"
(0.0087) (0.0141) (0.0158) (0.0145) (0.0167)
Observations 86775 23400 23206 23281 23202
Overall R 0.0260 0.1787 0.0974 0.0829 0.0508
Stock contribution to | ¢ 5545+ 0.1733" 0.0948" 0.0793" 0.0487"
R"2 F=2152.0090 F=4905.1010 F=2430.219Q F=2002.3630 F=1177.493
[Base model: Random walk]
Bond contributionto | o1 -0.0000 0.000i | -0.0003" 0.0001
R"2 F=8.8935 | F=0.0000 | F=2.5638 | F=-5.0554 | F=2.4181
[Base model: Stock]
Real estate contribution 4917+ 0.0054" 0.0025" 0.0039" 0.0003"
to R"2 F=151.4501| F=153.8339| F=64.2671| F=98.9905 | F=48.4598
[Base model: Stock + Bond]

Source: Bankscope data processed by the authors

Results show that the performance is significapdgitively affected by the overall stock performanc
and the trend of the real estate market indepehyderith respect to the real estate exposure while
bond returns have a negative effect (not statitisagnificant) on the banks’ performance. As sleaw
also by other studies (i.a. Mei and Saunders, 198% existence of a real estate exposure increases
the sensitiveness with respect to the real estat&entrend but there is no linear relationshipMesn

the stock’s price sensitivity to the real estatet@eand the exposure in the real estate lendihg. T
stock market sensitivity is higher for banks witheal estate lending exposure but it decreasesthath
growth of real estate loans while the sensitivitypond interest rates is never statistically sigait.

The statistical fithess of the model is driven bg stock market performance and the real estatketar
while the bond market has a limited contributiorthe fitness of the model. The increase or decrease
of the real estate exposure does not imply a sogmifly higher or lower relevance of each explagnin
factor in the model.

The comparison among betas obtained for banks cesized by different real estate exposures allows
to identify some statistically significant differegs related to different relevance of real estteihg
(Table 3).



Table 3. Regression Betas comparison for banksifiad on the basis of the real estate exposure
The table summarizes results of a panel regressialysis (fixed effects) of the weekly return ohks shares with respect
to a stock index (S&P 500), a bond index (10 ye& Teasury Bond) and a real estate market proxyREIE Index).
Beta coefficients and standard deviation (in bregkare presented in the table.
NoRe are Banks that do not have real estate leredipgsure while RE1Q, RE2Q, RE3Q and RE4Q are césply banks

classified on the basis of their exposure in tlzé estate lending in the first, second, third arth quartile.

NoRE RE1Q RE2Q RE3Q RE4Q

NORE - - - - -

x RE1Q -24.1431 - - - -

2 RE2Q -15.1507 5.8839" - - -
RE3Q -9.3857" 11.8214° 5.3225" - -
RE4Q -6.3613" 12.6337" 6.6001" 1.7167 -
NORE - - - - -

- RE1Q -0.6659 - - - -

é RE2Q 0.4001 0.7935 - - -
RE3Q 0.2793 0.7066 -0.1109 - -
RE4Q -0.5440 -0.0419 -0.7208 -0.6385 -

2 NoRE - - - - -

7 RE1Q -4.0620° - - - -

”_c; RE2Q -1.2419 2.1203 - - -

i RE3Q -2.6553 1.1075 -1.0492 - -
RE4Q -0.7329 2.4478 0.3741 1.4062 -

Source: Bankscope data processed by the authors

The sensitivity to the stock market dynamics isiigantly different for different types of bankshile
the effect of the bond market dynamics is not drilbg the exposure to the real estate lending.

The effect of real estate market trend is lowertfer banks with real estate exposure with resgmect t
banks that are not offering real estate lendingitoigt statistically significant only for the firgtnd the
third quartile. Results are coherent with otherrinational empirical evidence that shows that a
specialization in the real estate sector implydrethanagement skills with respect to the real estat
market dynamics (Gibilaro and Mattarocci, forthcogji

Four different proxies of stock price synchroniaie constructed starting from the augmented CAPM
model discussed before in order to identify if resate banks show a more or less synchronous trend
with respect to the benchmark. Table 4 presentaveeage comparison of the four proxies for bank
not exposed on the real estate and banks withréliftéevel of exposure in the sector.
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Table 4. Average synchronicity measures for bafdssified on the basis of the real estate exposure
The table compares average values of differenttspmicity proxies computed on the yearly time horiZor all the years
considered in the analysis. Formulas used fortoocting the proxies are equations (6), (7), (8) €9).

NoRe are Banks that do not have real estate leredipgsure while RE1Q, RE2Q, RE3Q and RE4Q are césply banks
classified on the basis of their exposure in tlzd estate lending in the first, second, third arrtb quartile.

2007 2008 2009 2010 2011 2012 201B3Average

NoRE| 0.1434 0.1393] 0.1336 0.134 0.1446  0.2829  0.5070212Q.
RE1Q| 0.6874 0.7645| 0.9606 0.800 0.8982  0.5613  0.21886980.
RE2Q| 0.4455 0.8986| 0.4918 0.509 0.7438 0.327/3  0.28665290.
RE3Q| 0.5870 0.3989| 0.7112 0.706 0.9659 0.2841  0.5410599G.
RE4Q| 0.4629 0.6924| 0.1848 1.015 0.4646 0.0216  0.34034546.

Sync

NoRE| -2.5051 -1.9435| -2.1801 -2.345 -2.2592  -2.2995 2528 | -2.2551
RE1Q| -0.3203 -0.1582] -0.5918 -0.560 -0.2216  -0.8992 3718 | -0.5891
RE2Q| -1.1069 -0.8379 -0.9001 -1.292 -1.0882 -2.2272 4322 | -1.4124
RE3Q| -1.3447 -1.4697) -1.1356 -1.549 -1.0987 -2.2409 3923 | -1.6045
RE4Q| -1.7216 -1.2695 -1.7850 -1.934 -1.5994 -2.6129 6122 | -1.9338

Synd'

NoRE| -0.1211 0.3214| 0.1582 -0.045 0.0004 -0.1001 -(h4P0G0.0296
RE1Q| -0.2922 -0.0736/ -0.0661 -0.336 0.2736  0.0124  4b4p -0.1352
RE2Q| -0.1975 -0.2651) -0.1118 -0.023 0.3017 -0.0726 532 -0.0890
RE3Q| -0.2154 0.0236| 0.1509 -0.068 0.05Y8  0.0108 -0.3608.0573
RE4Q| -0.1719 0.0186| 0.1183 -0.169 0.29%9 -0.1089 -(0’5h80.0823

Sync"

NoRE| -0.0134 0.2667| 0.0952 -0.136 -0.0211 -0.2397 §B35 -0.0606
RE1Q| -0.4364 -0.1228)  0.0508 -0.535 0.2308 0.0225 -(B4880.1827
RE2Q| -0.2857 -0.5439, -0.2034 -0.155 0.3091 -0.1124 5&B5 -0.2206
RE3Q| -0.2679 0.0690| 0.1525 -0.245 0.1887 -0.2247 -23880.1023
RE4Q| -0.2632 -0.0509, -0.1500 -0.137 0.2407 -0.2360 41IP5 -0.1626

Sync”

O[ON[N[RP[A[NO[NO[O[W[R[O[N[=[WWIRNTO

Source: Bankscope data processed by the authors

The first synchronicity proxies constructed on thenber of weeks with positive and negative returns
on a yearly time horizo@Sync') is on average higher for banks with real estaposure with respect
to bank that are not offering real estate lendirige average value of the proxy do not increase thigh
increase of the exposure to the real estate markekit is significantly variable year-by-year.

The proxy constructed on the BSync!’) is on average always negative because the aveshge of
the statistical fithess proxy is lower than 0.5t Keal estate banks are those that show a loweagee
synchronicity and the higher mean is related tokbahat have a limited real estate exposure (first
quartile).

The analysis of the kurtos{§ync!'') shows, as expected due to the events that charactehe time
horizon analysed, a negative sign for almost &llianks (an higher relevance of losses with regpect
gains) and the size of the losses is on averadeehigr banks with real estate exposures. Then® is
clear relationship between the size of the exposnrhe real estate lending and the degree of &isrto

Considering the higher or lower propensity to bfeaéd by stock crasheSync’’), the average
values for all the banks in the sample are sigaifily low demonstrating a low frequency of abndrma
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positive or negative performances. On average timber of negative weeks is lower than positive

ones and the result is confirmed especially fokkbamith a real estate exposure.

In order to identify is results previously obtaire@ driven or not by specific characteristicshaf t
banks included in each bucket, a maximum likelihpadel regression analysis (Table 5).

Table 5. Synchronicity measures panel regressi@ihyars
The table compares average values of differenttspmicity proxies computed on the yearly time horior all the years

considered in the analysis.

variables construction are listed in table 2.

Formulas used fortoocting the proxies are equations (6), (7), (8) 9). Independent

Sync! Sync!! Sync'™! Sync!”

Real estate 0.3828* -1.7014** 0.1552 0.1273
Transparent Assets 2.1100** 0.3607 -0.1664 -0.4960
Other loans 0.2854 -2.0744** -0.0821 -0.1535
Other Opaque Assets 0.8390 -0.4094 0.2984 0.3184
All Other Assets 0.3714 -1.2232** 0.2237 0.0646
EBIT 1.2645* 0.5612 -0.4040 -0.5164
Not Interest Income -0.0464 -0.0253* -0.0090 0.0514
Not Performing Loans -2.6861* -4.1015** -0.2045 2844*
Core Deposits 0.0203 -0.0495 0.0065 -0.0258
Interest Risk -0.0374 -0.0543** 0.0020 -0.0077
Capital -0.0285 0.0667 -0.0258 -0.0976
GDP 1.3464 -3.9195** -4.5344** -3.8562**
M2 0.7915 0.6517 -0.0432 1.1377
Int. Rate -8.3418** -6.3429** 1.7007 1.5740
Observations 3315 3315 3315 3315
Log likelihood -4890.8244 -4987.5126 -4980.8244 5G24531
Log likelihood test 0.0300 2061.7200 0.0300 1.1400

(Pr=0.4300) (Pr=0.0000) (Pr=0.4300) (Pr=0.1430)
Wald? test 44.0000 1062.9200 43.4300 67.3800

(0.0001) (0.0000) (0.0001) (0.0000)

Source: Bankscope data processed by the authors

The analysis of the determinants of the synchronishows a low predictability especially for
measures constructed on the skewness and the foegsiency. Economic variables that could affect
the role of the idiosyncratic component of stocic@thbehaviour are the GPD trend and bond interest
rate return. Banks’ portfolio features that affeaire the degree of synchronicity are relate eitbéhe
EBIT, the not interest income and the not perfogninans. Portfolio composition can drive
synchronicity constructed the frequency of posianel negative weekly performance and the statistica
fitness of the linear regression model. Real estgp®sure affects positively the frequency of weaks
the year experiencing the same trend of the pedbo®(Sync!) and the value of the synchronicity
measured on the basis of the ®ync!!) is nearer to zero (perfect synchronicity) whenréwl estate
exposure increases.
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4. Conclusion

Banks’ real estate lending exposure does not iragiywer level of synchronicity with respect to the
market dynamics and an higher idiosyncratic rigktfe investor. Real estate banks normally show a
lower frequency of switching between negative aositive weekly performance and banks’ return are
frequently less characterized by a lower relevarfgdiosyncratic price determinants.

Literature provides evidence on the criteria adoig investors in selecting among bank’s shares for
constructing the optimal portfolio allocation shagithat the systematic risk exposure for real estat
banks is higher with respect to others (Deacle amdyasiani, 2014). The different level of
synchronicity showed by banks that are characteérmedifferent real estate lending exposure has an
impact for investors interested in investing on atfplio of banks’ shares that can consider their
specific behavior for achieving the optimal riskum profile due to the lower role of idiosyncratisk

that characterize these firm and so reduces theardalges related to an excessive portfolio
diversification.

Further studies about the optimal portfolio consinn strategy for investing in real estate banks c
allow to evaluate if the change in the time horipbrthe investment can affect the choice of thekban
that has to be included in the portfolio and midtipears time horizon can allow to highlight théuea
added od investing in real estate banks that asedearacterized by not systematic risk.
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